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Exponential bounds and tail estimates are derived for additive random recursive sequences, which typically arise as
functionals of recursive structures, of random trees or in recursive algorithms. In particular they arise as parame-
ters of divide and conquer type algorithms. We derive tail bounds from estimates of the Laplace transforms and of
the moment sequences. For the proof we use some classical exponential bounds and some variants of the induction
method as well as various characterization results of distributions with exponential tails. The paper generalizes pre-
vious results on linear exponential tails and on subgaussian tails to more general classes of additive random recursive
sequences. We establish conditions which imply exponential bounds and tail bounds of different strength and order.
In particular we give sufficient conditions for tail bounds of the order exp(—at?). The proof of these tail bounds is
based on a classical characterization result of Kasahara (1978).
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1 Introduction

A large number of functionals (X,),>0 of random recursive structures, random trees, and recursive algo-
rithms satisfy recurrences of the form

M
d r
Xp £ A X))+ bay nZmg > 1 (1)
r=1 "

Here X, is the interesting parameter of a problem of size n, which is split into M > 1 subproblems r of
random sizes I\ € {0,...,n—1}. (Xlgr)) are distributional copies of (X}), that correspond to the con-
tribution of subgroup 7, b,, is a random toll function term and A,.(n) are random factors weighting the sub-
problems. Further, (X\"), ..., (X)), (I b,, A(n)) are independent, where I = (1\™ ... 1{")

and A(n) = (A1(n),..., Ay (n)) denote the corresponding vectors. Finally £ denotes equality in distri-
bution.

In typical examples X,, ranges from depth, size, and path length of random trees, the number of various
substructures or components of combinatorial structures, the number of comparisons, space requirement,
and other cost measures of algorithms to various parameters of communication models and in particular
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to typical instances of the ‘divide and conquer’ paradigm. For numerous examples of this type we refer
to the books of Mahmoud (1992), Sedgewick and Flajolet| (1996), Szpankowski (2001), and |Arratia et al.
(2003).

A general distributional limit theorem for this type of recurrences was given together with many ex-
amples in Neininger and Riischendorf (2004a,b) and Rosler (2001) by means of the contraction method.
The limit of X,, after normalization is characterized as unique solution of some fixed point equation of
the form

M
X 234X 4p, )
i=1
where the distributions are restricted to some subclass as e.g. to Ms ., the class of all distributions with
finite second moment and first moment equal to ¢. Here X1 ... X(M) are independent copies of
X and the random vector (Ay,..., A, b) arises as the limit of the corresponding normalized vector
(A1(n),..., Ay (n),by).

There has been quite a lot of work going on for establishing concentration results and tail bounds
for (randomized) algorithms in general, which serve in particular for establishing approximation bounds
and error estimates. Besides classical tail bounds from statistics like Chernoff’s, Hoeffding’s, Bennett’s,
Bernstein’s bounds, and martingale bounds more recently techniques like induction methods, entropy,
methods, Talagrand’s convex-distance inequality and others have been developed and applied. For refer-
ences we refer to McDiarmid (1998), Motwani and Raghavan| (1995), Boucheron et al. (2000, 2003), and
many references given in these papers. The concentration results supplement the asymptotic distributional
analysis. They allow sharp error estimates. In some cases they allow to establish laws of large numbers
for related parameters like the height of trees (see e.g. Devroye| (2002) and Broutin and Devroye| (2005)).

Exponential bounds for solutions of the fixed point equation in (2) were given by an induction method
in Rosler (1992). For the Quicksort algorithm exponential bounds were established in Rosler (1991), see
also [Fill and Janson (2002) for some improvements in this case. For some classes of recurrences as in
(1) bounds were given in Karp (1994) while Neininger (2005) established subgaussian bounds for (X,,)
in cases, where the rescaled quantities converge to a normal limit. In this paper we aim to develop some
exponential tail bounds for more general classes of additive recursive sequences.

In the first part of this paper we establish exponential bounds for Laplace transforms leading to expo-
nential tail bounds for recursive algorithms of type (1) and for solutions of recursive equations of type
(2). The proof is based on an induction argument. In the case that the convergence theorem for recursive
algorithms is applicable we alternatively also indicate a proof which is based on a uniform approximation
argument for Laplace transforms. Under stronger assumptions on the coefficients we establish a stronger
exponential bound valid on all finite intervals.

In the second part we derive various exponential inequalities for the Laplace transform and for the
tail probabilities on the whole real line. In particular we derive exponential bounds of subgaussian type
for a general class of recursive sequences extending previous results in Neininger| (2005). By alternative
methods of proof based on Bernstein’s inequality and on a moment characterization of subgaussianity we
derive under corresponding conditions on the coefficients subgaussian behaviour resp. linear exponential
bounds on the whole real line.

In the final part of the paper we establish general asymptotic bounds for the moments of X,,. A charac-
terization of exponential tails by the asymptotics of moments due to Kasahara (1978) allows to establish
some general conditions for exponential tails of any order.



Exponential bounds and tails 3

The paper gives a series of results on exponential (tail) bounds for recursive algorithms. Depending on
the strength of the conditions on the coefficients of the recursive sequence we obtain a broad spectrum of
exponential bounds of different strength. For the proofs we use a variety of different techniques, making
use in particular of induction arguments, approximation arguments for Laplace transforms, classical in-
equalities as Hoeffding’s and Bernstein’s inequalities, and various characterization results of exponential
tails by moment conditions and by bounds on the Laplace transforms. All results in this paper make use
in some sense of the ‘contradiction’ condition E'Y ", A? < 1resp. EY . A%(n) < 1 for the recursive se-
quence. Thus the exponential bounds in this paper are usually not well suited for (asymptotically) normal
sequences, which are ‘typically’ characterized by the limit equation (2) with b = 0 and }_, A2 = 1. Our
results apply only in some of these normal cases, when special properties of the expansion of the mean
hold true (see for example Remark 3.2).

2 Bounds on the Laplace transform

The fixed point equation (2) can be written in operator form as
d
FLsr), 3)

where S(F') 4 E( Zf\il A X + b) is the distribution of the right-hand side of (2). Under suitable
conditions on A;, b it is known that a unique solution F* of (3) with finite second moment and specified
first moment exists and that the iterated operator S™F' converges to F* w.r.t. the minimal /5-metric (see
Rosler (1992), Rachev and Riischendorf! (1995)). [Rosler (1992) established the following exponential
bound for a solution Z of the fixed point equation (2).

Theorem 2.1 (Exponential bound for fixed point equation (Rosler (1992))) Consider the fixed point
equation (2) and assume the following conditions:

a) EZ£1 A2 <1, sup; |4 <1,
b) Ee* < oo, VAe€[-L,L).

Further, in case

cl) Ezlj\il A; # 1, define cby: Eb=c(1—-EY . A;)

c2) E Zi\il A; =1, let Eb = 0 and let ¢ € R be any fixed number.

Then for any random variable X L F with EX = ¢ BerX < eA+HEN? for some K > 0 and all
X € [-L, L] holds:

1) S™F converges to the unique fixed point F* in My . w.rt. {5 and
2) for Z L F*or Z L S"F holds uniformly in n € N for some constant K>0

B < eMEN gy e [~ L, I). (4)
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Remark 2.2 As consequence of Theorem 2.1 one obtains for Z LprorzLsnF uniformly in n
EMZ-EZ) < KN\ L L. (5)
This implies by Chernoff’s bounding technique the tail estimates for all A € [—L, L]
P(Z —EZ >t) < Plexp(A\(Z — EZ)) > exp(At)) < exp(KA? — At).

This becomes minimal for A\ = t/(2[~() if this is less or equal to L and in the other case we set A\ = L.
Since the same bound holds for P(EZ — Z > t) we obtain

2 ~
Zexp<t~>, 0<t<2LK,
P(|Z-EZ| >t) < 41K

2exp(KL? — Lt), t > 2LK.

(6)

For recursive sequences general limit theorems have been established by means of the contraction
method. The following is a typical result for this approach (see Rosler (2001) or Neininger and Riischendorf]
(2004a)). We consider convergence of X,, without further normalization.

Theorem 2.3 (Convergence theorem) Let (X,,) be a recursive sequence as in (1), square-integrable,
and with expectation 0. We assume that

1) stabilization: (A1(n),..., Ay (n),b,) — (Ay,..., An,b) in L2
2) contraction: EY A2 <1

(A4,(n))? ——0, WeN, 1<r<M.

3) nondegeneracy: El{ fm<ey n—00

Then £5(X,,, X*) — 0 as n — oo, where X* is the unique solution of the fixed point equation (2) in the
class Ms o of all distributions with finite second moment and expectation 0 (as in Theorem 2.1)).

The convergence theorem does in general not imply that for large n X, has a similar tail behaviour as
the limit X. Some boundedness condition however allows to derive uniform convergence of the Laplace
transforms, which can be used to derive exponential tails of (X,,) (see Remark [2.6).

Proposition 2.4 (Convergence of Laplace transforms) Let (X,,) be a sequence of rv.s with X, 4 x
and let Eexp(TL(1+¢)X,,) < K, ¥n € Ny, and Eexp(TL(1 + ¢)X) < K for some L > 0, > 0,
then

Eexp(AX,) — Eexp(AX) asn — o (7

uniformly for |\| < L.
Proof: Without loss of generality let X,,, X be a.s. convergent versions X,, — X a.s. for n — oo. Then

we prove E|exp(AX,,) — exp(AX)| — 0, n — oo uniformly for |A| < L.
To prove uniformity of the convergence for |A\| < L observe that

e/\X — e/\X+ +6—AX7 -1 (8)
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and, therefore, by the triangle inequality
+ + - -
E|eMn — AX| < BT _ M ple M e _ e X7,

Thus we can restrict to the case X,, > 0, X > 0 since Fe?Xn < Ee*Xn 1+ 1 and Ee?Xa < 1for A < 0
and similarly for X, X~. For0 < A < L and X,, > 0, X > 0 holds

E|€>\X” _ e)\Xl S EI@LX" _ eLX|

by monotonicity in A of the integrand. Further, for A > 0

AX AX

_ _ et — ertn]
Ele Mo _ e AX\ = Eie/\(x,,ﬁx) < E|e>‘X" — e>‘X| < E|eLX" — eLX|.

Now following the proof of Theorem 4.5 in Rosler (1991) for w.l.g. X,,, X > 0and N > 0 we have
E‘GAX” — e)‘X‘ < E‘eanl(XngN) — €LX1(X§N)
+ EeLX" 1(XV,L>N) + EBLXI(X>N) .

By the bounded convergence theorem the first term on the right-hand side converges towards zero. For
the second term we use Holder’s inequality to obtain

14+e

1
B 1(x, ) < (EeL(”E)X”) TH(P(X, > N)E =0

for N — o0, since the first factor on the right-hand side is uniformly bounded and the second converges
towards zero. Similarly we obtain EeLXI(X>N) — 0as N — oo. a

In the following theorem we establish some general conditions on the coefficients which imply expo-
nential bounds for recurrences as in (1).

Theorem 2.5 (Laplace transform, exponential bounds) Let (X,,) be a recursive sequence as in (1)
with EX,, = 0, n € Nqy. Assume that for some constant K and Sor X in some open interval U = U(0)
around zero Ee*¥i < efo‘2
0<t, <1

, 0 < i < ng— 1. Further assume that for some sequence (t,)n>n, With

a) Eerr < C, Eb? < Ctp, Vn > ng, for some finite C,and \ € U,
b) EY (Ar(n))? <1—t, Yn>mng
C) Sup,. ‘AT(TL” S 1, n Z no.

Then
2
EeMXm < oKX 9)

for all m € Ng and for all X in some open interval V = V (0) around zero, where K is a finite constant.
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Proof: The proof is given by induction. The assertion is true for m < no — 1 by assumption with
K = K. For the induction step we consider the case n > ng and assume that (9) is true form < n — 1.
Define the function £ ()) := Ee onTKA (3201 (4-(m)*~1) for some positive constant K and n > ny.
We will write (A(n), (™ b,) for short for the vector (A;(n),..., Ay(n), 1™ ..., 1" b,). Since

Z Ar(n)X 7 + bn, we obtain by the induction hypothesm and boundedness of A,.(n)

AA,. x(r
B = <e>‘b" HE( RCE (An ),1<“>,b<">)>>
r=1

FN (N, AeU.

IN

Therefore we have proven the induction step if we can show that for some K > K, independent of n,
holds:
() <1 for A < L for some L > 0. (10)

By differentiation we obtain for K > K large enough

M) =1,

K
d ) Abp+EX (M AZ(n)-1) [\ 2
SIP0) = B e LA bn+2)\K(ZAT(n)—1) :
r=1
d .(n
5 "(0) = o0,

)\ 2 M 2
f LoV E(@bn“Q (Zry 4%m-1)
d>\2

(b (S0 (S 1))

r=1

M
) > 7 2
S 0) = BV + B ZK(;AT(TL) - 1)
< Ct, — 2Kt, <0
using condition b) and noting that EX,, = 0, Vn € Ny, implies Eb, =0, Vn > ng. We also note that
K > max{K, C} can be chosen independently of n.
It remains to show f }(n )()\) < 1 for all A in some open interval V' = V(0). For the proof we establish

that -4 f i ( ) is bounded in some neighbourhood of zero independently of n. Therefore consider

dA3
a3 2(~M 42 M
el ) = E( At AN (D0, A21) (bn+m(2A2<n>—1)>
r=1

.<(bn+ m(fﬂm - 1)>2 +Gk(if‘f(”> B 1))>

r=1 r=1
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By the uniform boundedness of the Laplace transform of b,, and assumptions b) and c), we obtain that this
expression is bounded for K fixed and |\| < K|, independently of n. It follows that the second derivative
is less than O in an open interval around zero uniformly in » and therefore f (")( A) < 1 for all A in some
open interval V' = V(0).

The neighbourhood of zero thus can be chosen independently of n. Thus we obtain some constant L
such that (10) holds. O

Remark 2.6 In the case that additionally to the assumptions in Theorem 2.5 the conditions of the conver-
gence theorem hold a direct proof of the exponential bounds in Theorem 2.5 is possible without referring
to the induction argument in the proof of Theorem 2.5 but using instead the convergence of the Laplace
transforms in Proposition 2.4 applied to f(")( A) = Eexp(A\b, + KX2(3" A2(n) — 1)) as well as to its
first and second derivative. This approximation argument allows to derive from the limiting case the cru-
cial bound f(")( A) < 1 for X in a neighbourhood of zero and uniformly for all n > N. Together with the
corresponding inequality for the finitely many indicesn = 1, ..., N in a possibly smaller neighbourhood
the exponential inequality follows.

In the following theorem we derive exponential bounds for |\| < L for any given L > 0. In order to
obtain this stronger conclusion we strengthen the condition on the coefficients A,.(n). For the purpose
of ease of application we formulate this result for the normalized version (Y},) of the recursive sequence
(X,). Let (X,,) be a recursive sequence as in (1) and denote by

X, — EX
Y, = —"—— (In

Sn

anormalized version of X,, with nondecreasing scalings s, = s(n) > 0. We define p,, := EX,,n € Ny.
Then (Y;,) satisfies the recursive equation

y, £ ZA (’”> 5™, > ng (12)

where
b(n)_*( Mn+ZA M1<n))

Thus (Y;,) again is a recursive sequence of the form (1) with modified coefficients (™) and Al
(n)
A, (n)22) 6(1 )
The followmg theorem gives under stronger conditions on the coefficients compared to Theorem 2.5/a

stronger result on exponential bounds for the Laplace transform of the scaled version (Y3,) of (X,,) valid
on any prescribed finite interval [— L, L].

Theorem 2.7 (Laplace transforms of the normalized sequence) Ler (X,,) satisfy the recurrence (1)

with normalized version (Y,,) as in (11). Assume that EeMYi < eK>‘2, 0<i<mng—1 \eRL Further
assume that for some sequence (ty,)n>n, With 0 < t, <1,

a) B < 5, YA € R, E(b(”))2 < atn, Vn > nyg, for some finite constant C.
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M
b) Uy =Y (A)* —1 < 0and EU, < —t, <0, n > ny,
r=1

¢) lim sup Eexp(KU,)=0.

1
K—oo n>ng
Then for all L > 0 there exists a finite constant K, such that for all n € No and \ € [—L, L]

EeMn < N KL, (13)

Proof: Let (K, \,n) := Eexp(Ab™ +\2KU,), K > 0, A € R, n > ng. We establish in the following
by induction that for any L > 0 there exists a K, such that

f(Kp,A\n) <1, VAe[-L,L],¥n > ng. (14)

Step 1: There exist constants K; > 0 and L; > 0, such that f(Ky,\,n) < 1, VA € [—L1, L],
vn > ng.

For the proof of step 1 we note that f (K, A, n) is well defined and twice differentiable (as shown in the
proof of Theorem 2.1 of Rosler! (1992)) and it holds

d n
ﬁf(K,)\,n)\AZO =Eb™ =0 as EY, =0.
Further
d? ~
Tl n)|,_, = E@™)* + 2KEU, < sup E(0™)? — 2Kt, < t,(C — 2K).
n>ngo

Choosing K7 > 0 with j—;f(Kl, A, n)|x=o0 < 0, then f(K7, A, n) has a strict local maximum in A = 0

forall n > ng. Thus f(K7,-,n) < 1inaneighbourhood U = U(0) of zero. Since dd—;f(Kl, A,n) < 0in
some neighbourhood V' = V'(0) independent of n, the neighbourhood U can be chosen also independently
of n (similar as is shown in the proof of Theorem 2.5).

Step 2: For L > 0 there exists K3 > 0 such that f(Ks, L,n) <1, f(Ks,—L,n) < 1 forall n.
For the proof of step 2 note that by assumption b)

d
e fUS, A ) = ENU, exp(Ab™ + X2KU,,) <0
and thus f(K, A, n) is monotonically nonincreasing in K for A, n fixed.
By assumption ¢) lim g, sup,, f(K, A,n) = 0 for all A # 0; thus step 2 follows.
To prove (14) we define K, := max{Kj, %Kg}. By step 1 and monotonicity in K holds f (K, A\, n)
1
< 1for |\ < L;. For Ly < |\| < L define o := |LT| > 1, then

5 1/
F(Kp,\n) < (Eexp (a(Ab™ + A KLUn)))

L322
L}

KgUn)) 1/a

IN

(E exp (Lb(") +

IN

1 by step 2.
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Now we prove (13) by induction. _ _
By assumption E exp(AY:) < exp(A2K), k = 0,...,n9 — 1. For the induction step define K =
max{K, K1, }. Then using the induction hypothesis
)
(r) n
Yo+ >>>

M S(I(
Eexp(\Y,) = Eexp A(ZAT(n) .
r=1
exp(N2K L) E exp(A2 KLU, + Ab™)

IN

IN

)
exp()\2[~(L)f(I~(L,)\,n)
< exp(\2Kp), VA e [-L,L]. 0

Remark 2.8 The conditions of Theorems 2.5 and 2.7 are in many examples not difficult to check. The
Quicksort algorithm satisfies the recurrence (1)) in the form
4 (1) (2)

Xn XLnUJ + X a-vy + Cn (15)
where C,, = n — 1. The normalized version Y, = w converges to the Quicksort distribution and
the exponential bounds of Theorem 2.5 are established by Rosler! (1991) in this case. For Quicksort type
recursions with a monomial toll term C,, = n® exponential bounds have been established in|Neininger
(2002). For several further examples of a similar type as (15) which fit our conditions, see Hwang and
Neininger (2002).

3 Subgaussian behaviour of recurrences
A random variable X has subgaussian right (left) tails if for some constants L > 0, C' > 0
Eexp(AX) < Cexp(LA\?), VYA>0 (VYA <0). (16)

X has subgaussian tails if it has subgaussian right and left tails. In this section we aim to sharpen the
bounds in Section 2/to imply that a recurrence (X,,) or its normalized form Y,, = % has subgaus-
sian tails, i.e. it holds independently of n € Nj:

Eexp(AZ,) < exp(L)?), VX€R,Vn e Ny, (17)

where Z,, = X, resp. Z,, = Y,,.
As consequence this implies improved exponential bounds compared to (6)), (9), and (13)

(EXn
4L\ s,

2
P(|Xn — EX,| > t|EX,)) gzexp(— ) > forall t > 0. (18)

We assume that the normalizing sequence s,, is nondecreasing, s, > £ > 0, Vn and that s% is the order
of magnitude of the expectation:

E) pin == EX, = ps? +r, forsome p >0 (19)
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where r,, = o(s?2) is the remainder term.
The normalized sequence (Y7,) satisfies the recursive equation

Y, £ f:A (n)@if ™) 4+ pm (20)
n — T Sn, 17(‘n)
with
b(n) = ( n — HUn + Z A MI("))
1 M
= — (b= (2 =3 Anm)s(1)?) + Ry

n r=1

where R, = —rp, + Ei\il Ar(n)r(Iﬁn)), r(k) = rk. Thus the bounds in Section 2! apply under

corresponding conditions on the modified coefficients b(™ A(”) = A, (n)2 =~ (I(n))

The following result on subgaussian tails extends Theorem lin Nelnlnger (2005) who considers the
special case where s2 = n, A,(n) = 1 and r, = O(1). In comparison to the results in Section 2 we
postulate some stronger assumptions. In particular we assume boundedness of b,, where the bounds are
of order O(r,,), further we strengthen condition b) of Theorem 2.5/ resp. conditions b) and ¢) of Theorem
2.7

Theorem 3.1 Ler (X,,) be a recursive sequence as in (1)) satisfying condition E) and assume that for
some Q > 0, EeMYs < eXp(Q/\2), 0<i<mng—1, \€RL Further assume

a) 1onlloo < MyTy, 7pn:=max{r,, 1}, forn > ng and some My > 0
M

b) |pn — Z Ar(n)u[gm < Cry,, forn > ngand for some C >0 21
r=1

c) Eexp( (ZA2 I(") 2)) <n®, forsomen <1, x>0, n>nyg. (22)

Then (Y,,) is subgaussian, i.e. (17) holds.

Proof: By assumption we have
Eexp(\Y;) <exp(QA?), j=0,...,n9—1 (23)
for some () > 0. We next establish by induction that for some finite constant L < oo

Eexp(\Y;) <exp(LA?),  Vj>0,VAeR. (24)
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Let (24) be true for j < n — 1 and let Y, denote the distribution of (1) b(")| A(n)). Then by condition-
ing and by the induction hypothesis we obtain

Jr) 3 ()
Eexp(AYy,) /Eexp ()\Za,« 5 YJT +>\ﬁ)d'r (G, 8, a)

M

N2
< 2 s(jr) .
< /Eexp (L)\ Zl (S(n)) + A8 )dT. (), 8, a)
M (n)
s(Ir7)\?
= exp(LA?)Eexp <LA2<ZA§(n) - 1) + Ab(")>
— ( s(n) )
1
72 3 .
< Eexp (2L/\ 5 (ZA2 2(1m)y — )) E exp(2Ab™) 7 exp(LA?)
1M L,\2T2
= Eexp (T2<ZAf(n)32([£n)) — si)) " Eexp(Ab™) exp(LA?).
noor=1
Using (21) we obtain
1 Mary,
60 loe < —(balloc +CPa) < =272, My = My +C

Next we apply Hoeffding’s inequality to b("™): If X is a random variable with e < X < band EX = 0,
then for all A € R it holds (see e.g. Lugosi (2005), Hoeffding (1963))

Eexp(AX) <exp (W)

As consequence we obtain

272 Mo \)2
Eexp(\Y,) < 0" % exp (%) exp(LA?)
Sn

= exp (L(log 77)/\2% + 222”)\2) exp(L\?)

< exp(LA?)

2
if we choose 2L > li\gi and large enough such that it holds true also forn = 0,...,n¢9 — 1. o
n

Remark 3.2 a) Condition (21) can be replaced by the following conditions: Let for some generic con-
stants C1,Co
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M
-2 A < i, 2s)
r=1
Al) sup |rk\ S 027:7“ and
k<n
sup |4, (n)| < Cs. (26)

In the particular case r, = O(1) we thus get the following sufficient conditions for the conclusion of
Theorem 3.1\

sup [|bplee <00, sup [[A,(n)|leo < 00
n>ng n2nq
r>1
M
A2) 1<s?— Z A, (n)s?(IM) (27)
r=1
M
52— ZAT(n)sz(LS"))’ < C). (28)
r=1

If e.g. X, denotes the number of leaves in a random binary tree, then (X,,) satisfies the recursive
equation

Xy L X0+ X, Xo=0,X, =1 (29)
1

—1—1{"™>

and Ifn) 4 unif{0, ..., n—1} the uniform distribution on {0, ..., n—1}.

The expectation has the expansion

ntl_m o). (30)

EXn =
3 3

The conditions A2) are satisfied with s, = \/n, p = %, r, = O(1), A,(n) = 1, and thus we get
subgaussian behaviour. This example fits also the conditions of Neininger's Theorem 12005,
Further similar examples fit in this scheme like the size of m-ary search trees, m < 13, several param-

eters of binary search trees with bounded toll functions and some others (see Hwang and Neininger,
(2002), Neininger (2002), and|Neininger and Riischendorf (2004a)).

For the size of m-ary search trees subgaussian behaviour is known to hold for m < 26 as follows
from the moment expansions in |(Chern and Hwang (2001) and Lemma 3.3\ But as mentioned in the
introduction our methods do not suit well to this normal case and thus we get subgaussian behaviour
due to the special properties of the expansion of the mean in this case for m < 13 only.

If the condition s,, > 0 does not hold true for all n > 0 as in the case s, = n or s, = logn, then we
may choose sc(n) := max(e, sy, ) and obtain with this modification analogous bounds.

An example for this situation are recursive equations of the form

X, L X, +by, n>np, 31
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where s2 = logn, n > 2, r,, = O(1). It suffices in that case to assume

I,Vv1
sup Elog? (7) < o0, 32)
n>ngo n
I, Vv 2\k
E( ) <n® k>1,n>no. (33)
n
Recursions of the type (31) are considered in \Neininger (2005, Theorem 2). Conditions (32) and (33)
are not fulfilled for I,, ~ unif{0, ..., n—1} but fit to more concentrated subgroup sizes I,, where e.g.
I, ~B(n—1,9).

The following characterization of subgaussian right tails allows to dismiss with the boundedness of the
toll terms b,, in Theorem 3.1, The conditions on the weight coefficients A, (n) in Theorem 3.1/and in the
following Theorem 3.4/ are however not comparable. For the proof we shall make use of the following
lemma which can be found in Lugosi (2005) (up to a slight modification).

Lemma 3.3 Let X be a real random variable.

1. If for some constant ¢ > 0 holds (EXfﬁ)l/’c < Vck forall k € N, then

EerX < 2el/6eceX* /2 forall X > 0. (34)

2. If for some c¢,C > 0 we have Ee?X < ceCAz, VY > 0, then there exists an universal constant K,
so that for all k € N
(BEXE)VE < MFKVCE.

Theorem 3.4 Let (X,,) be a recursive sequence as in (1) with E) and with normalized sequence Y, =
Xu—EXo We assume the following conditions:

Sn

a) (B|Y;|F)V/F < Vek, forsomec>0,1=0,...,n9—1,k €N,
by |k
b) Bl < (Vek)* for some ¢, > 0,k € N, n > ng,
Sn
M (n)
Iy 1
c) S(s )Ar(n) < 1—5, n>mng forsomen > 1, (35)
r=1 n
M
d) iy — ZAT(TL)MI(") < C7,, where T, = O(sp,).
r=1

Then for allt > 0
2

t
P(Yal 2 ) < 2V2e P exp (- ),
2ec

with ¢ := max{c,n?(,/c, + C)*} where C := SUpn{C%}-
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Proof: We prove, that for some constant ¢
(E|Y,|")'/k <2k,  VkeNandn > no. (36)

Using the definition of b in (20) and condition d) we estimate

k

)
Sn

Sn Sn

(o)

Epm™ME < B

by

Sn

IN
- 1M~

I (Co
< <\/ch+ C%)k < (\/ETk)k,whereEb = (Ve, + 0)%

Because of condition a) we have (E|Y;|*)!/* < v/ck, k € N,i = 0,...,n9 — 1. For the induction
step now assume that (36) holds for Yy, ..., Y;,—1 with a suitable constant ¢ > max{c, 7725;,} (therefore
(E|Y;)*)Y/* < ek, i =0,...,n9 — 1). Using the conditioning argument under (A(n), (™) (") and
with T, = PAM.I™ 0§ holds

q
E|Y,|!

M n
E’ ZAr(n)S(Iiﬁ))y(r) 4
— s(n) "1™

q
"] +|ﬁl> 0, (a,i,8)

IN
—
S|
/\

l
E!Yi”\) BT (a7, 8)

3)\/67 2 (J'LE )

Jite+im=~ M

(2

n

189~ d Y (a, i, B)

X

M . Y/
g ﬁm(g”u) BT 0 (0,1, 8)

(
> Ve (1—717>€E|b(”)|q£
)
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where () follows from

M. ¢
E<Zi:)|ar||yi(:)> - Z (31 ]M)

r=1 it +in=t

vE D (jl,... )ﬁ (

Jite+im=t

r o
) B,

|)jr

IN

as i, < n. This implies
(E|Y,|1)Y1 < /g with & := max{c,n%¢}.

Thus by Lemma 3.3/ Y;, has subgaussian tails and therefore similar to (18) with Chernoff’s bounding
technique we obtain the assertion. a

Under somewhat weaker growth conditions on the moments of b" than those in Theorem 3.4/ we still
obtain exponential tails of linear order instead of subgaussian talls The proof is based on Bernstein’s
inequality which we state for the ease of reference.

Lemma 3.5 (Bernstein’s inequality) Let X,..., X, be independent r.v.s, S,, = Z?zl X;with EX; =

0,02 =EX}<L?<occando®:=ES2=3%" 02 <L?:=%"" | L2 Iffor some constant W > 0
and all i < nand all v € N holds

1
v = E|X;|" < §L§W7"_2r! (37)
then
r vVt >0 38
P(S, >to) < S t>0.
20 <o (5 ) 0

Remark 3.6 Actually the Bernstein inequality in/Bennet (1962) is formulated with o;,1 < i < n, respec-
tively o instead of upper bounds L;,1 < i < n respectively L. But the proof reveals immediately that the
more general version formulated here is also valid.

Theorem 3.7 Let (X,,) be a recursive sequence as in (1) with condition E) and let Y,, = % be the

normalized sequence. Assume that 0? = Var(X;) < oo, i = 0, ...,no—1 and assume for some constants
Wy, W >0
k
X; — EX; 1 _ )
a’) vi=E [Xi = BX| < —maxa?WF 2k, i=0,...,n0—1,k>1, (39)
’ Sn 2j<no 7
b') B[t <1o2WITRl,  n>ng k>,
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as well as conditions c), d) from Theorem 3.4, Then there exists some ¢ > 0 := maX,<p, 0; such that

2
P(Y, >t) <exp < — t )>, Vit > 0. (40)

= V2
g 2 (2 + ?t
Proof: As in the proof of Theorem 3.4 we obtain in the first step the estimate

)
Ep™IF < §6§Wf ’k! (41)
for some constants W}, and &;, which can be given in explicit form. Then we establish the induction step
and obtain after some calculations similar to those in the proof of Theorem 3.4

BIY, 7 < gl 5 (7)1 (42)

with some explicit constants ¢, W and in fact G = 2. These estimates allow to apply the Bernstein
inequality in (38) to the r.v.s (Y},) to obtain

2
P(Y, > s5) < exp ( SR R ) 43)
2+2¥8

which yields the result replacing s by % and with W = % For details of the argument see Schopp

(2005). O

4 Exponential tail bounds; the moment method

In this section we derive exponential tail bounds for recursive sequences using a characterization of gen-
eral asymptotic exponential tails by the asymptotics of moments. This method uses essentially the fol-
lowing lemma which is based on a theorem of [Kasaharal (1978)).

Define the functions f(x), g(z) on Ry,

f(x) <as g(z) if  lim o) = 1 and "
. . z
f(x) ~ g(x) if mlingo ;Ex) =1
Lemma 4.1 Let X be a random variable, p, a > 0 and b := (p%) 1/p.
1) For X > 0 are equivalent:
a) —InP(X > zx) >4 az? 45)

b) (EXF)VF < s bEYP fork € 2N (46)
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2) For general X and p > 1 a) is further equivalent to:

c) In EetX <4 ctd 47)
where ¢ = ¢~ (pa)~ (41 and% + % =1

3) The statements in 1), 2) remain valid also if <5 is replaced by asymptotic equivalence ~.

Remark 4.2 In the paper of Kasaharal (1978) the statement of Lemma 4.1 was given for the asymptotic
equivalence case (as in part 3)). The method of proof in that paper however also allows to cover the
<us-bounds as in parts 1), 2) of Lemma 4.1, For details see Schopp| (2005). The characterization of
asymptotic exponential tails in part 3) of Lemma 4.1 was used in Janson and Chassaing (2004) to derive
asymptotic exponential tails for the Wiener index of simply generated trees.

In the following theorem we apply Lemma 4.1/ to recurrences as in (1).

Theorem 4.3 Let (X,,) satisfy the recursive equation (1) and assume that for some nonnegative constants
c,bandp >0

X\ 2 i - _
a) (E (= <ert’P(1+40(1)), i=0,...,n9—1,asr — o0,

b) (E|b,|" )" <br'/P?(140(1)), uniformly for n > ng, asr — oo,

S(I(
o) =+ 3M A (n)] <1, Vi >

Then
¥ ‘ \L/T

(E(| s i >> < max{b, ¢}r'/P(1 4 o(1)), uniformly forn € Ng as r — oo (48)

and
| X —aaz? (140(1)) :
Pl— >z | <e as x — oo, uniformly for n € Ny, (49)
Sp

where a 1=

pe max{b,c}?"

Proof: The proof is by induction in n. To take care of the uniformity, we choose the following notation
fori < ngandn > ng

<E (w)r)l/r <er'P(1+ai(r), (Elba|")Y" < br'/P(1+ ay(r))

54

where a;(r) — 0,7 = 0,...,n9—1, ap(r) — 0 asr — oo. Let a*(r) := max{ap(r), a;i(r), i =
0,...,n0—1}. By condition a)

Sn
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holds for 0 < i < ng—1. For the induction step we denote by Y, the distribution of (A(n), I, b,,) and
get
AN
Sn
M q
Siv 1o 10l :
= FE —Y. — T
/ <;|ar| Sp ' ‘+ Sn d n(CL’Z’ﬂ)
L) [ <= s o\ (181
< [ (S n) (2) meis
* ! q 1 \ 1/p * tr1 -t 1 et
o <D ) (eerara@) (5) (- 080+ )

m

([( )) ")

AN
~
3
B
——
=
o
—
()
—
~
S
—~
—
+
=
—
-
N
&=
N
+
—_
\
N———
Q

= max{b, c}q"/P(1+ a*(q))".

For the proof of (*) we obtain from the induction hypothesis

(sl = 8 () (e

r=1 Jit+im =L r=1

Mo dr
AT T
Jit+im =L Jiim r=1
Mo j _
< "y cll/p 1+a*(1))"
< 2 G L) () oo
Jit+im=L =
as i, <n
¢ 14 Mo Ir
<@rasaem) S (0 T (5e)
Jit+ivm=L J1 IM r=1 Sn
RN ¢
= (cf'/P(1+a*(l “lay| )
(et ara ) (3 S
This implies (48) and as consequence from Lemma 4.1/ we obtain the exponential tail bounds in (49). The
uniformity is clear, since a*(q) is independent of ng. O
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